F33 % 2 MW
2017 4£2 A

&g 5 4
JOURNAL OF SIGNAL PROCESSING

Vol.33 No.2
Feb. 2017

X E 4S5 :1003-0530(2017)02-0229-07

EE AR RS ETERAERHEH TR

xRS
(R FHEAFABERFREAERELEBE, WK 611731)

B ZE: HE AW (Text to Speech, TTS) FEARJE I NG FF G ) —TOCHEBOAR , 185 R ARSI E TTS JUR
MEE N R o ASCERXT TTS iEF FERIPE RS, REAFFHRECHEE. fER) Z57 1M T2 TTS 155 K 7 5
JEREREA S, R T —FEE AR, A A 2 S A I AR T AP IR S PraR
PHPRETE T BORH DG RE B SRS S Rt M) FH P 3 ) 28 04 sl A 0 B 0k o 008 19 5 T AR AR 1) 5 A R A T
%o fdm, AROEWIRERCFEMEN , X RTA SRR E REASIEA T I R (B, DR R R S PRI T 5 PR R RE R Y
— B, SCREUREY, AR AT E RE RIS A T AR T TTS i i, HA SR TR .
KW IEE AN RERIIET; IR sl

hESHES: TN9I2.3 XHERARIRED: A DOI: 10.16798/j. issn. 1003-0530.2017. 02. 014

Voice Energy Balance Method for Text to Speech Database
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Abstract: The quality of speech library is an important factor, which determines the effect of Speech to Text (TTS). The
production cycle of the TTS speech database needs about six months. During the period, the voice state recording needs to
be consistent, that is, the tone and energy can not have a big difference, which is more difficult for pronunciation. Thus,
this paper gives voice energy balance method, including the time-domain envelope detection algorithm and the frame energy
average algorithm, aiming to solve the TTS speech database recording after the phenomenon of inconsistency. Firstly, obtai-
ning the standard speech related energy parameters and wave parameters as a template; secondly, using the time-domain
envelope fluctuation detection algorithm to check the pre-regulation speech samples test. Finally according to the frame en-
ergy average criterion of all qualified speech samples, adjusting the samples amplitude in time domain value, to maximize
the overall energy of the speech database consistency. The experimental results show that the proposed method can effec-
tively improve the quality of the TTS speech database, and has practical engineering significance.
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Fig.1 Time-domain waveform of standard speech
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Fig.4 Time-domain synthesized waveform from standard speech database
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